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RRID:SCR_006379
Type: Tool

Proper Citation

cTAKES (RRID:SCR_006379)

Resource Information

URL.: http://ctakes.apache.org

Proper Citation: cTAKES (RRID:SCR_006379)

Description: An open-source natural language processing system for information extraction
from electronic medical record clinical free-text. This is a system through which one creates
one or more pipelines to process clinical notes and to identify clinical named entities. It
processes clinical notes, identifying types of clinical named entities, drugs,
diseases/disorders, signs/symptoms, anatomical sites and procedures. Each named entity
that is found is given attributes for the text span, the ontology mapping code, the context
(family history of, current, unrelated to patient), and negated/not negated. cTAKES is built on
the UIMA framework. cTAKES 2.5 does not provide a GUI of its own for installation or
processing. The cTAKES documentation shows how to use the GUIs provided by the UIMA
framework, and how to run cTAKES from a command line. Before using cTAKES you need
to know that cTAKES does not provide any mechanisms of its own to handle patient data
securely. It is assumed that cTAKES is installed on a system that can process patient data,
or that any data being processed by cTAKES has already been through a deidentification
step in order to comply with any applicable laws. The tool has been developed and deployed
at Mayo Clinic since early 2000.

Abbreviations: cTAKES

Synonyms: cTAKES - clinical Text Analytics and Knowledge Extraction System, Clinical
Text Analysis and Knowledge Extraction System

Resource Type: text-mining software, software resource, source code, software application

Defining Citation: PMID:23286462, PMID:20819853



https://dknet.org
https://dknet.org/data/record/nlx_144509-1/RRID:SCR_006379/resolver
http://ctakes.apache.org
https://pubmed.ncbi.nlm.nih.gov/23286462
https://pubmed.ncbi.nlm.nih.gov/20819853

Keywords: natural language processing, information extraction, electronic medical record,
medical record, clinical, free-text, annotation, unstructured information management
architecture, uima

Funding: IBM UIMA ;

SHARPN Strategic Health IT Advanced Research Projects Area 4: Secondary Use of EHR
Data Cooperative Agreement from the HHS Office of the National Coordinator Washington
DC DHHS 90TR000201

Availability: Open-source

Resource Name: cTAKES

Resource ID: SCR_006379

Alternate IDs: nIx_152159

Old URLs: https://wiki.nci.nih.gov/display/VKC/cTAKES+2.5
Record Creation Time: 20220129T080235+0000

Record Last Update: 20250426T055855+0000

Ratings and Alerts
No rating or validation information has been found for cTAKES.

No alerts have been found for cTAKES.

Data and Source Information

Source: SciCrunch Registry

Usage and Citation Metrics
We found 41 mentions in open access literature.

Listed below are recent publications. The full list is available at dkNET.
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